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The original online version of this article was revised: Under
the heading Missing Data, the following text was inadvert-
ently deleted:

Current Guidelines. According to Sinha et al. (2021), three
methods are widely used to deal with missing variables when
performing LCA: deletion, multiple imputation, and full
information maximum likelihood (FIML). The first method
includes only complete cases in the analysis, but this implies
that large swathes of data can be lost and that a large por-
tion of participants is not represented anymore in the final
sample. In general, this is the least preferred of the three
methods and should seldom be used (Sinha et al., 2021). In
relation to LCA, the other two methods have their inherent
advantages and disadvantages. Both approaches work on
the assumption that the data are either missing completely
at random (MCAR) or missing at random (MAR) (Masyn,
2013). The ML (and MLR) estimators automatically adopt
the FIML method to manage missing data, i.e., individual
cases are not excluded from the analysis unless they are
missing data on all the observed items. Aflaki et al. (2023)
also report a solution different from the three reported above
(i.e., deletion, multiple imputation, and FIML). They sug-
gested treating “variables containing missing values as cat-
egorical variables, where missing values are treated as bring
in their own category” (p. 171).

The original article can be found online at https://doi.org/10.3758/
$13428-025-02812-1.
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Review of Psychology Studies. Results of our review indi-
cate that almost all the studies (82.7%) did not report infor-
mation about the method they adopted to manage missing
data. Among the 54 studies that reported information about
the method they adopted to manage missing data, most
(81.48%) adopted the FIML, which is in agreement with
the finding from Killian et al. (2019). Other studies reported
handling missing data within the expectation-maximization
algorithm (0.55%) and listwise deletion (0.74%). Only two
studies reported the use of multiple imputation (Bayly et al.,
2022; Yuan et al., 2022), and one study reported the use
of the Maximum Likelihood with Missing Values (MLMYV;
Harrison et al., 2022) method.

The text has been restored to the article.

Data Availability Data and research materials are available at https://
osf.io/26xps/overview

Open Access This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long
as you give appropriate credit to the original author(s) and the source,
provide a link to the Creative Commons licence, and indicate if changes
were made. The images or other third party material in this article are
included in the article's Creative Commons licence, unless indicated
otherwise in a credit line to the material. If material is not included in
the article's Creative Commons licence and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will
need to obtain permission directly from the copyright holder. To view a
copy of this licence, visit http://creativecommons.org/licenses/by/4.0/.
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